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The trend of STEMI frequency changes and its
outcomes in patients referred to Rajaie Cardiovascular
Center during 2016-2020 and prediction by machine
learning methods in the future
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Risk markers by sex and age group for in-hospital mortality in patients with STEMI or
NSTEMI: an approach based on machine learning
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Logistic Regression (LR), Support Vector Machines (SVM), Random Forest (RF), eXtreme Gradient
Boosting (XGB)
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Machine learning enhances the performance of short and long-term mortality
prediction model in non-ST-segment elevation myocardial infarction.
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eXtreme Gradient Boosting
Support Vector Machine
Quadratic Discriminant Analysis
Random Forest

Decision Tree

K-nearest neighbors

Logistic Regression
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